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The Effect of Feedback:
t Feedback increases consumption

v Output and input demand both increase by ≈ 3.90%

t Feedback increases monthly variation in output choices
and decreases correlation among weekly output choices

t Feedback reduces price responsiveness:

Effect on Dinputs No Feedback Feedback
Pmed -8.70*** -4.28**
Phigh -14.56*** -9.57***
Estimates are relative to the lowest price level.

*, **, *** denotes p-values of 0.10, 0.05 and 0.01 respectively.

Full RE model
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Does feedback improve decision-making?

t Sometimes
v From the survey:
⇒ Some said it was harder to make choices with weekly
feedback
⇒ These participants did worse with weekly feedback

Real world connections
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Participant characteristics:

Table : Summary Statistics

Participant Characteristics
Average Min Max

Gender (1=female) 0.38 0 1
Age (years) 19.26 18 33
Year in College (1=Freshman) 1.61 1 4
Semesters of Econ Courses 1.27 0 15
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Table : Treatment Effects: Random Effects Model
Partial Effects on Monthly Input Demand

Independent Variable Coefficient�

Feedback 2.972***
(0.993)

Producer Type 22.529***
(3.188)

Medium Price Level -6.289***
(1.404)

High Price Level -12.208***
(1.310)

IBR82 12.192***
(3.913)

IBR41 6.816***
(3.913)

Average Input Requirements 25.568***
(0.863)

constant -11.501***
(4.198)

Overall R2 0.4717
�Standard errors are in parentheses.
*, **, *** denotes p-values of 0.10, 0.05 and 0.01 respec-
tively.
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Organization of Sessions

Table : Experiment Timeline

Timing of Prices and Feedback
Month Price Level Session A Session B

1 Low Weekly Feedback
2 Low Weekly Feedback
3 High Weekly Feedback
4 High Weekly Feedback
5 Medium Weekly Feedback
6 Medium Weekly Feedback
7 Low Weekly Feedback
8 Low Weekly Feedback
9 High Weekly Feedback
10 High Weekly Feedback
11 Medium Weekly Feedback
12 Medium Weekly Feedback

Back
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